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Abstract:
is proposed for the segmentation of SAR image . Firstly, diversity segmentation components are obtained due to the spectral clustering

In this paper,a novel method based on spectral clustering ensemble using nonnegative matrix factorization (NMF)

method is sensitive to the scaling parameter. Secondly, these components are combined by using NMF, NMF is a method that can
obtain a representation of data full of intuitive meaning and physical interpretation . Finally, segmentation result is obtained according
to the combined result. To show the effectiveness of the novel method, experiments with three texture images and four SAR images
are considered. The segmentation results are evaluated by comparing with K-means method, spectral clustering method based on

Nystrom approximation and Meta-clustering method. According to the qualitative and quantitative analysis, the proposed method is

effective and has some practical value.
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